Provided for non-commercial research and education use.
Not for reproduction, distribution or commercial use.

ISSN 0888 - 3270

Mechanical Systems & Signal Prg=tessia;;§_

This article appeared in a journal published by Elsevier. The attached

copy is furnished to the author for internal non-commercial research

and education use, including for instruction at the authors institution
and sharing with colleagues.

Other uses, including reproduction and distribution, or selling or
licensing copies, or posting to personal, institutional or third party
websites are prohibited.

In most cases authors are permitted to post their version of the
article (e.g. in Word or Tex form) to their personal website or
institutional repository. Authors requiring further information

regarding Elsevier’s archiving and manuscript policies are
encouraged to visit:

http://www.elsevier.com/copyright


http://www.elsevier.com/copyright

Available online at www.sciencedirect.com
d Mechanical Systems

*,” ScienceDirect and

Signal Processing

&\
LSEVIER Mechanical Systems and Signal Processing 22 (2008) 1566—1581

www.elsevier.com/locate/jnlabr/ymssp

On the control of distributed parameter systems using
a multidimensional systems setting

Blazej Cichy®, Petr Augusta®, Eric Rogers®*, Krzysztof Galkowski?, Zdenek Hurak®

dnstitute of Control and Computation Engineering, University of Zielona Gora, 65-246 Zielona Gora, Poland
®Institute of Information Theory and Automation, Czech Academy of Sciences, Pod Vodarenskou vezi 4, 182 08 Prague, Czech Republic
°School of Electronics and Computer Science, University of Southampton, Southampton S017 1BJ, UK
dDepartment of Control Engineering, Czech Technical University in Prague, Karlovo nam. 13, 121 35 Prague, Czech Republic

Received 20 August 2007; received in revised form 21 January 2008; accepted 22 January 2008
Available online 14 February 2008

Abstract

The unique characteristic of a repetitive process is a series of sweeps, termed passes, through a set of dynamics defined
over a finite duration with resetting before the start of the each new one. On each pass an output, termed the pass profile is
produced which acts as a forcing function on, and hence contributes to, the dynamics of the next pass profile. This leads to
the possibility that the output, i.e. the sequence of pass profiles, will contain oscillations which increase in amplitude in the
pass-to-pass direction. Such behavior cannot be controlled by standard linear systems approach and instead they must be
treated as a multidimensional system, i.e. information propagation in more than one independent direction. Physical
examples of such processes include long-wall coal cutting and metal rolling. In this paper, stability analysis and control
systems design algorithms are developed for a model where a plane, or rectangle, of information is propagated in the pass-
to-pass direction. The possible use of these in the control of distributed parameter systems is then described using a fourth-
order wavefront equation.
© 2008 Elsevier Ltd. All rights reserved.
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1. Introduction

Multidimensional (or nD) systems propagate information in #> 1 independent directions and arise in many
areas of, in particular, circuits, and image/signal processing. In the case of linear dynamics, this means that a
transfer function description is a function of # indeterminates and this alone is a source of difficulty in terms of
onward systems related analysis. For example, for functions of more than one indeterminate the fundamental
tool of primeness which is at the heart of the polynomial/transfer-function approach to controllability/
observability/minimality analysis (and many other problems) of standard (termed 1D here) linear systems is
no longer a single concept.
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The case of discrete linear systems recursive in the upper right quadrant (i,5) : i=0, j=0 (where i and j
denote the directions of information propagation) of the 2D plane has been the subject of much research effort
over the years using, in the main, the well known Roesser [1] and Fornasini Marchesini [2] state-space models.
More recently, productive research has been reported on robust control using a variety of approaches—
see, for example, [3.4].

In their basic form, the unique characteristic of a repetitive process (also termed a multipass process in the
early literature) can be illustrated by considering machining operations where the material or workpiece
involved is processed by a series of sweeps, or passes, of the processing tool. Assuming the pass length
o< + oo to be constant, the output vector, or pass profile, y,(p), p =0,1,...,(x — 1) (p being the independent
spatial or temporal variable), generated on pass k acts as a forcing function on, and hence contributes to, the
dynamics of the new pass profile y, . (p),p =0,1,...,(0 — 1), k =0,1,... . This, in turn, leads to the unique
control problem in that the output sequence of pass profiles generated can contain oscillations that increase in
amplitude in the pass-to-pass direction, i.e. in the collection of pass profile vectors {y; },.

The dynamics of repetitive processes evolve over a restricted quadrant of the positive quadrant and have a
number of practical applications, for example they arise naturally in the modelling of long-wall coal cutting
(for background on this and other physical examples see the references given in [5]). A number of so-called
algorithmic examples also exist where adopting a repetitive process setting for analysis has clear advantages
over alternative approaches to systems related analysis. These include iterative learning control (ILC) schemes,
e.g. [6] and iterative solution algorithms for dynamic nonlinear optimal control problems based on the
maximum principle, e.g. [7]. In the case of iterative learning control for the linear dynamics case, the stability
theory for differential (and discrete) linear repetitive processes is one method which can be used to undertake a
stability/convergence analysis of a powerful class of such algorithms and thereby produce vital design
information concerning the trade-offs required between convergence and transient performance (see e.g. [8]).

A considerable degree of progress has been made in the development of a control and systems theory for
these repetitive processes together with computational design algorithms. For progress here again see [5,
Chapters 8-10] and note also that ILC laws developed using this setting have been experimentally verified.

In this paper the novel contributions are (i) control law design algorithms for linear repetitive processes
where, in effect, the repetitions propagate a 2D plane of information and hence what we finish up considering
is a 3D system and (ii) the results of applying this repetitive process model and resulting control law
designs to distributed parameter systems focusing on fourth-order wavefront equations arising, for example,
from discretization of the partial differential equation (PDE) which describes lateral deflection of a thin
flexible plate.

2. Distributed parameter dynamics as repetitive processes/nD systems

The discrete linear repetitive processes considered in this paper have the following state-space model:

X1 (m) =N (Vx4 iom + ) + BYu (I + iy m + ), (1

i=—¢j=—¢

where on pass k, xi(/,m) € R" is the state vector, ur(/,m) € R? is the control input vector, and ¢>0 is a positive
integer. The boundary conditions are

x (l,m) =0, —e<l<0, 0<m<p, k=0,

xp(l,m) =0, —e<m<0, 0</<a, k=0,

xo(l,m)=do(l,m), 0<I<a, 0<m<p,

xi(o—i,m)=di(i,m), 0<m<p, 0<i<e, k=0,

xi(l, p=N=di(l,)), 0<I<a, 0<j<e, k=0. )

Here the process dynamics are defined over a finite fixed rectangle, i.e. 0</<a —¢,0<m<ff — ¢ but at any
point on pass k + 1 it is only the points in the so-called mask —e</<¢, —e<m <& on the previous pass which
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contribute to the pass profile. The updating structure for the case when ¢ = 1 is illustrated in Fig. 1. (Note also
that the results in this paper are easily generated to the case when the mask is a rectangle.)

In these processes therefore it is a plane, or rectangle, of information which is propagated in the pass-to-pass
direction. Note also that these processes share many joint features with the so-called spatially interconnected
systems, which have already found numerous important physical applications, see, for example, [9] and
references therein. This arises from the fact that some of the state-space models in this latter area can be
rewritten as a discrete linear repetitive process state-space model (or its differential equivalent). Next we show
how such a model structure arises in the modelling for control of mechanical systems (and also in electrical
and electro-mechanical systems, etc).

Consider a thin flexible plate of the form shown in Fig. 2 subject to a transverse external force. Then the
resulting deformation dynamics are modelled using a PDE of the following form first obtained by Lagrange in
1811 (see, for example, [10] for full details):

Owlx,y. ) | eyt | Owixy,n) | p@wlxp ) qlxy.0)

ox* 0x20y? oyt D 0o -~ D ®

where w is the lateral deflection in the z direction (m), p is the mass density per unit area (kg/m?), ¢ is the
transverse external force, with dimension of force per unit area (N/m?), (sz/ 0£%) is the acceleration in the z
direction (m/s%), D = Eh3/(12(1 —1?)), v is Poisson’s ratio, / is thickness of the plate (m), E is Young’s
modulus (N/m?).

If control action is to be applied, then this will be implemented digitally and hence Eq. (3) must be
discretized with respect to time. Moreover, if an array of actuators and zonal type wavefront sensors are to be
used, discretization in the spatial variables is also required.

Finite difference (FD) methods are a well established numerical tool for solving PDEs (see, for
instance, [11]). The basic principle of these methods is to cover the region where a solution is sought by a
regular grid and to replace derivatives by differences using only values at the nodal points. There are many
types of grids which can be used, e.g. rectangular, hexagonal, triangular or polar. Of these, the rectangular one
is very appealing because of very simple difference formulas which result. However, triangular or hexagonal

k+1

Fig. 1. Updating structure.

»
»

Fig. 2. Thin circular plate.



B. Cichy et al. | Mechanical Systems and Signal Processing 22 (2008) 15661581 1569

grids are better fitted to the circular aperture and here we will consider a circular thin flexible plate and a
triangular grid and derive corresponding difference formulas to obtain a recurrence equation approximating
the PDE (3).

Consider a triangular grid employed according to Fig. 3 and denote the number of nodal points on the plate
bisector by n. Further, let Ax and Ay denote the distance between the nodes in the x and y directions,
respectively, and let the sampling (time) period be Ar.

For ease of notation we now use the subscripts / and m to denote the sample number of the spatial variables
x and y respectively, and the subscript k to denote the sample number in the time variable ¢. In the time
domain, the central difference approximation is used and the corresponding formula is

o*w 1
<W>1 . =Ap Wimde+1 — 2Wimg + Wimj—1)- 4
1,

In the space domain, we can use only values at the nodal points and the choice of these is not unique. Here
we use the following formulas:

4
o'w 1
< = A—x4(6wl,m,k — 2Wi bk = 2Wikm—1k — 2Wi—Lmt Lk — 2Wi—Lmtik + Wi—2mk + Wit2mk)s
Lk

ox*
(%)
o*w 1
o = A_y4(6wl,m,k = 2Wik Lt Lk = 2Wik =k = 2Wi L Lk — 2Wim Lk Wim—2 + Wimt2k),
Limk
(6)
o*w 1
W = W(4W]’m’k — Witlm+1k — Wit lm—1k — Wi-Lmt1k — Wi—1m+1k)- (7
I,m,k

Substitution of Egs. (4) through (7) into Eq. (3) gives the recurrence equation

2

Wimk+1 = — [PWims + OWi—tm—1 4 + Wit mtihk + Wittm—1k + Wikt mt1 k) + ROVi—2mi + Wit2,mi)

A
+ SOWim—2k + Wim2.)] + 2Wimpk — Wimg—1 + 7@1,m,k> 3

n+1

n—1
n
n—1

.n+l
T?/ 2
x

Fig. 3. An example of the triangular grid for » = 7 (the number of nodal points in a row is given on the right-hand side).
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where
6 8 6
P=_- 4 > 42
Ax* + Ax2Ay? + Ay*
oo P2 2
A AXAYE AW
1 1
R=— S=—1
Ax¥ Ay*

In the most practical situations, the triangular grid will consist of equilateral triangles, i.c.
Ay = V3Ax )
and in this case the coefficients P, Q, R, S simplify to

28 1 26 1 1 1 1

P=3a¢ 2= 9 aw R=ad 59 aa

Before proceeding, it is essential to verify the model just obtained and, in particular, if it is an acceptably
precise approximation to the original model described by the PDE. This is established by means of a stability
analysis of the iterative FD scheme, the objective being to determine whether the iterative scheme given
by Eq. (8) converges to a solution. In particular, we determine a relationship between Af and Ax which
guarantees convergence.

With zero external force applied, Eq. (8) becomes

2

[PWimi + OWi—tm—1k + Wi—tmt+1k + Wittm—1k + Wirim+14k)

+ RWi—omik + Wixomi) + SWim—2k + Wims2x)]
= Wimk+1 — 2W/,m,k + Wi mk—1 (10)

and we now apply von Neumann stability analysis (a standard technique in this general area). Replacing
wimi in Bq. (10) by gre e gives

2
_ DAt [nge]lgl ejanZ + ng(e](l—l)(ﬂ e/(m_1)92 + e](l+1)9] ej(n7—1)92 + e/(l—l)f)le/(m+1)02 + d(l-l—l)g] e/(l11+1)(92)
P

- RgF(&1-20 gm0z | =201 gm0y L Gk (01 gfn=2002 | pil01 pim+2)02)
= eI 2 _ g 1= 101 pim=102 | k=1 I=101 =10z

where 0; and 0, are the spatial frequencies in the x and y directions, respectively, and j = +/—1. The parameter
g is called the amplification factor and the scheme is stable if and only if |g|<1, see [11] for details. Using
Euler’s formula and some routine simplification analysis now gives the amplification factor as

—b+ Vb — dac

= 11
91,2 2 (11)
where

a=1,
b 2D cos(26,) B i n 2D cos(20,) 56D cos(0; + 65) B 52D cos(6; — 6,)

T AxY A2 9Ax*p 3Ax*p 9Ax4p ’

1

c=—.
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1

X X X X X
s X X% % % %% XX
. X X X
o o)
o) ® o
05° ©° % e & ¢ ¢ 0
o)
-1
2 o
o o
o o) 2 o o
m 0 2 2 % ® % o 9B o
o) D 0
-2 = Y Y A Y Y T \
2 15 1 05 0 0.5 1 15 2

@ Input mask

O Previously computed output value

Y% Output value currently being computed

X Output value to be subsequently computed

Fig. 4. Computation mask associated with partial recurrence equation (8).

The absolute value of Eq. (11) reaches its maximum for ; = 0, =0 or 0; = 0, = n and the correspond-
ing At is
3./3pAx?
/136D — 9pAx*
Eq. (8) is clearly a special case of the repetitive process model (1) where ¢ = 2, and, for example, wy,, x —
xk(l,m) and q,,,, — ux(l,m). In particular, this repetitive process model approximately describes the

transverse vibrations of the plate and Fig. 4 shows the associated computation mask, i.e. the evolution of the
updating structure in the repetitive process model.

A<

(12)

3. Stability analysis and control law design

Stability analysis for the repetitive processes considered here is based on so-called quadratic stability. In
particular, given matrices

V>0, Vi=—e¢...,6, j=—¢,...,¢ 13

(where we denote a symmetric positive definite matrix, say X, by X >0) introduce the following so-called
“local” Lyapunov function

Vi(l,m)= Z Z x,{(l +im+ )V x(l+i,m+ ). (14)

i=—¢ j=—¢

This function is the local energy for the considered mask (i.e. —e</<e —e<m<c¢). The so-called total
Lyapunov function is

o

p
%kiz xl{(la]) ka(i,j)a (15)
i=0 j=0

where V' is defined by Eq. (18) below.
Motivated by physical arguments that the total energy at the pass (finite for all of them) should decrease
from pass to pass we introduce the following definition of quadratic stability.
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Definition 1. A discrete linear repetitive process described by Eqgs. (1) and (2) is said to be quadratically stable
provided 7"y <oo and there exist matrices V% >0,i = —¢,...,¢,j = —¢,..., ¢ such that

Vet — P k<0 (16)
for all x¢(1,m)(#0) € R".

To develop a computationally efficient test for this property, the associated increment for the local
Lyapunov function is defined as

AVk(l> m)ix£+l(l> m) ka+l(l’ m) - Z Z xl{(l + i’ m +]) Vink(l + i, m +])a (17)
i=—¢ j=—¢
where
r=>" > v (18)
i=—¢ j=—¢

Now we have the following first major result.

Theorem 1. A discrete linear repetitive process described by Eqs. (1) and (2) is quadratically stable if there exist
matrices VW >0,i = —¢,...,&, j = —¢,...,& such that

AVi(l,m)<0, VO<I/<a, 0<m<p, k=0 (19)
for all xi(I,m) e R".
Proof. It is straightforward to check that summing the increments AVy(l,m) over all points

ILbm 0<I/<a,0<m<f, for given pass k and taking into account the boundary conditions yields the total
Lyapunov function increment ¥ 5, — ¥, <0. O

This result can also be represented in the form of a linear matrix inequality (LMI), which provides a
computational test for this property.

Theorem 2. A discrete linear repetitive process described by Eqs. (1) and (2) is quadratically stable if there exist
VW >0,Vie{—s...,0,...,e},Vj€{—s,...,0,...,&} such that the following LMI holds:

ATVA — V<0, (20)
where
=@ B @
i=—¢ j=—¢

and @ denotes the direct sum of matrices, i.e. for two matrices say X and X,
X, 0
X X, =
P [ ‘ Xz],

AT L A5t
A=l R (22)
Ao . A&

Proof. It is easy to check that the condition of Definition 1 holds if Eq. (20) holds. [
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Suppose that a control law of the following form is applied to a process described by Eq. (1):

EG0 (xi(l —e,m —¢)T
0,0 . .
u (Lm) | =K xk(l,m) , (23)
uy“(I,m) _xk(l +em+ 6)_
where
K=(P P k. (24)
i=—¢ j=—¢

Then interpreting Eq. (20) in terms of the resulting state-space model of the controlled process gives the
following sufficient condition for quadratic stability:

(A +BK)" V(A 4+ BK) — V<0, (25)
where the matrix B is given by
B¢ ... B8
B=| R (26)
B>¢ ... B¢

and we have the following result.

Theorem 3. Suppose that a control law of the form Egq. (23) is applied to a discrete linear repetitive process
described by Eqs. (1) and (2). Then the resulting controlled process is quadratically stable if there exists a block
diagonal matrix X which contains symmetric and positive definite matrices X'/ >0, for all i € {—e,...,0,... ¢},
forallje{—e,...,0,...,¢&}

&

x=p @ X (27)

i=—¢ j=—¢
and
=D BV o
i=—¢ j=—¢
such that
-X  XAT 4+ NTBT
<0. (29)
AX 4+ BN =X
If this condition holds, a stabilizing K in the control law (23) is given by
K=NX"" (30)

Proof. Follows immediately as a result of (i) an obvious application of the Schur’s complement formula [13] to
Eq. (25), (i1) the application of appropriate congruence transformations to the result of (i), and (iii)
substitution from Eq. (23). O

3.1. An alternative approach to control law design

Better computational results can be obtained based on [14] and first adopted for repetitive processes in [15].
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Theorem 4. The condition of Theorem 2 is equivalent to the existence of matrices V>0 (defined in Theorem 2)
and G such that

-V AG

G'AT —G-GT+v |~ (D

where

G= é é G". (32)
i=—¢ j=—¢
Proof. Assume that Eq. (31) is feasible. Then
~-G-G"+V<0
and, since G is full rank and V>0, we have that
V=GV (V-G)=0
or, equivalently,
~-G'V!IG<L -G -G" +V.
Hence the following LMI is a sufficient condition for Eq. (31) to hold:

v AG .
G'AT —GTV'G|~"

Left and right multiplication of this last result by

'v-1 o
0 G T

and its transpose, respectively, and then setting W = V! >0 yields

[ —W WA
ATw —w

] <0 (33)

which is equivalent to Eq. (20), and hence the sufficiency part of the proof is complete.
To prove necessity, assume that Eq. (16) is satisfied. Then

W —ATWA>0
which can be rewritten as
V —AVAT >0

on setting V = W~!. Next, introduce G = V + ¢I, where ¢ is a positive scalar. Then, there exists a sufficiently
small g such that

g2V +2gD>ATT'A
which is equivalent, by the Schur’s complement formula, to
T —gA

—gAT V4291 >0

or

[ v_AVAT AV —AG
VAT —GAT G+GT -V
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This last LMI can be written as

I —-A \4 AG I 0
T >0
o 1] ]

G'A" G+G'-V
and hence necessity is established and the proof is complete. [

Suppose now that we have a control law of Eq. (23) and it is applied to a process described by Egs. (1) and
(2). Then we have the following result.

Theorem 5. Suppose that a control law of the form (23) is applied to a discrete linear repetitive process described
by Egs. (1) and (2). Then the resulting controlled process is quadratically stable if there exists a block diagonal
matrix V>0 (defined in Theorem 2), a matrix G (defined in Theorem 4) and a matrix N (defined in Theorem 3)
such that

-V AG + BN

(AG+BN)Y —G-G'+v]|<" (34)

If this condition holds, a stabilizing K in the control law (23) is given by
K=NG. (35)

Proof. This follows immediately from interpreting Theorem 4 in terms of the controlled process and then
setting KG=N. O

4. A numerical example

Consider the case when the plate parameters are given in Table 1.
Suppose also that the initial plate deflection is zero, i.e. the forces and moments acting on the plate due to its
weight are neglected and hence the initial condition is

Wimgli=o = 0.
Suppose also that the edge of the plate is clamped. Then the plate deflection on the edge is always equal to zero
as is its derivative. The boundary conditions are

ow(x, y, 1)

M}(xv ) t)lx,yeaD = 09 = O:

Ox x,yedD

awer ol
ay x,ye0D '

where 02 denotes the boundary of the region where we wish to find a solution. At every boundary point, the
following conditions must hold:

Wimk = 07

Wi—tm—1k + Wi—Umt1k — Wittm—1k — Wit1mt1k = 0.

Table 1

Plate parameters

Parameter Value
Diameter (a) I m

Thickness (/) 0.003m

Mass density per unit area (p) 2700 kg/m?>
Young’s modulus (E) 7.11 x 107" m?

Poisson ratio (v) 0.3
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Under these conditions discretization by triangular grid with n = 25 is an appropriate compromise between
obtaining a good approximation without excessive computing time and storage requirements. The node
distances in the x and y directions are

1 a Aﬁa

x:§n+l’ y_Tn—i—l’

respectively, and hence Ax = 0.0192m and Ay = 0.0333 m. The sampling period was chosen as A = 1 x 10™*s
which satisfies Eq. (12), since

0<Ar<5.8608 x 1074,

To obtain the response to nonzero initial conditions, the eigenfunction corresponding to the smallest
frequency was computed. This has the form

1 r Jo() r ] a
vp=—-——"-——1J —) - I —)l, keN, O<r<d4, 4=-,
¢ A|Jo(uk)|10(uk)[ o(3) To(iy) o)

0|

0.8 e 1 [if“\\\ el : e
E 06 : .,;.;..' YO ey T 044 -
. ) | -
3 04+ A UPIL S 064
p ] )
0.2 4 ) \ -0.8 <
o - P
o Y ORTHANN 1
0~ R . % 0, q’ ' éo‘ ‘ \'\-\;‘\\
0.8 '@"ﬂ‘}’@%”%"“““\“\‘{\‘@f& 0.8
0.6 ‘}3!"{,"&‘0,000“%0‘“‘“‘\\\\\\?3‘:?" 0.5 05
04 RSy, 04 0.4 o
Vimy 02 5 01 %% Vimy 0. 5 01 ki
Fig. 5. Plate deflection at = 0 and 0.052s.
1
0.8 t
0.6
04 t
0.2 t+
E ol
S
02}
-04 t
-06
-0.8
-1 i H
©O o ¥ © © = o ¥ © o o
O © © © © ¥ - +« <« ©o
S &8 &8 & 5§ ©o o o o g
c o o o c o o o

Time [s]

Fig. 6. Plate deflection at the middle point, condition (12) does not hold.
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where Jy and I are Bessel and modified Bessel functions of index zero, respectively, see, for example, [12] for
details of this standard approach. The eigenfunction corresponding to the smallest frequency can be written as

I ry  Jo(wy) r
= AIJO(M)IIO(M)[JO (%) ToG) (M)]’

where u;=3.190.

Fig. 5 shows the scaled deflection of the plate at the beginning (left plot) of the simulation and after 0.052s
(right plot). Fig. 6 shows the scaled deflection of the plate when the condition of Eq. (12) is not satisfied.

Consider now the application of Theorem 2 to the numerical example specified above. Then the
corresponding LMI does not have a solution and hence we proceed to consider the design of a stabilizing
control law using Theorem 5. In order to do this we must use a mapping from the triangular grid used to
approximate the process dynamics to the linear ordering used in Theorems 2 and 5. It is hence convenient to
define the function ¢(w)—{i,j} which maps indices as follows:

p()=1{0,-2}, @)~ {-1,-1},

p(3)—~>{1,-1}, @#)—{-2,0},

p(5)—{0,0}, @(6)—{2,0},

p(N=>{=1,1}, o@)—{1,1},

¢(9)— 10,2} (36)

and additionally

o(w, 1)1,
o(w, 2)>]. (37)

For example, ¢(7, 1) — 1 and ¢(7,2)— 1. Then we have

[ 40D . 400)
A= 0 (38)
AP 40O
[ge) ... po®
B=| (39)
Beh ... pBo®
where the 2 x 2 matrices 4%, B and w = 1,2,...,9 are constructed from the appropriate coefficients of

the underlying discrete equation as

DA? »
400 — 400) _ _TS 0 _ —64x107* 0 |
0 0

0 0

DA
(2 (3) (7) (8) - 0 0 0.013 0
AP = AP = AP = 49 = P = 0 0 >
0 0
DA??
400) — —TP+2 -1 _ (1.9 —1>’
1 0 1 0
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DA?? _3
4O@ — 406) _ —TR 0 _ —58x10 0 |
0 0

0 0
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Suppose now that a control law of the following form is applied:

uf (1, m) xi(+ (1, 1),m + (1, 2))
uz@)(l, m) Xk(l + (/)(97 1)7m + (P(9: 2))
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Fig. 7. Initial conditions.
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Fig. 8. Deflection at nodes on the middle diagonal—controlled system with control law (40).
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Fig. 9. Deflection at a node in the middle of the plate—controlled process with control law (40).
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Fig. 10. Control signal at node in the middle of the plate—controlled process with control law (40).

where

9
K= k7. (41)

w=1

Then the LMI of Theorem 5 has a solution and stabilizing control law matrices are given by

o) —1.2x 10" 0.97 x 10"

0
00

K(p(a)) —
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Fig. 11. Deflection of the plate at time 5 ms—controlled process with control law (40).

Fig. 7 shows initial conditions used for the simulation study reported here for this numerical example.
Figs. 8, 9 and 10 show response of the controlled response at nodes on the middle diagonal, the deflection at a
node in the middle of the plate, and the control signal at the same node in the middle of the plate, respectively.
Fig. 11 shows deflection of the complete plate after 5ms. These confirm that a stabilizing control law has been
produced and since it is a regulator problem, the initial deflection is eventually returned to rest.

5. Conclusions

This paper has produced the first substantial results on a new model for repetitive processes where it is a
plane of information which is propagated in the pass-to-pass direction. This makes the system three
dimensional (3D) and motivation for considering such a model has been given by showing how it can arise in
the discretization of the dynamics of distributed parameter systems. This is in the form of a fourth-order
partial differential equation which arises in the modelling of the transverse vibrations of a thin plate.

Quadratic stability for this new repetitive process model has been defined in energy terms and it has been
shown that the resulting condition can be expressed in terms of an LMI. Moreover, this also provides a basis
on which to specify and design control laws for distributed parameter systems with, in particular, immediate
recourse to well documented and powerful computational tools in the form of LMIs. The analysis here is
based on sufficient but not necessary stability conditions and hence a degree of conservativeness could be
present but experience in other repetitive process theory strongly suggests that this is often not very severe.

The results in this paper are the first on this form of repetitive process dynamics and much remains to be
done both in terms of theory and also potential applications. This is especially true given the emphasis now on
distributed control for application to, for example, adaptive optics systems (see, for example, [16] for
background) where [17] contains some results from analysis in an nD systems setting (this is based on
polynomial methods and is hence limited in terms of cases to which design can be completed). Other potential
application areas for a repetitive process based approach to the control of distributed parameter systems
include scene based iterative learning control [18] and also diffusion control in irrigation applications [19].
Also, via the connection to iterative learning control, the repetitive process setting can be used in repetitive
control (for possibly relevant work see [20]).

Progress here will only be feasible after much further research is completed. Obvious areas for this include
(1) the discretization methods possible since FE methods may often not be appropriate or even applicable and
the question then to be answered is can we again get to a repetitive process model approximation to the
dynamics which is suitable and realistic basis for control law design, (ii) the use of model validation tools
beyond the classical von Neumann approach used here, (iii) exactly what classes of partial differential
equations can be treated in this way, (iv) robust control design since we will always be using an approximate
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model for design and initial control law evaluation, and (v) comparison (where applicable) with alternative
approaches, such as those of [9].
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